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Fairnessamp.amiiasaamanIndividual fairness

males females 2 individuals

P A B Probability ofA happening given that B has already
happened

y actual y true y
predicted y

4 groups

Group fairness

Statistical Parity Demographic Parity

P x ̅ 119 f P 7 1 G m

group g pettiam

0.411 71.8
5 M 0.4 0.8
6 on

thatsfine

9 m

ii I
12 m

group g

I not fair
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Equal Opportunity TPR should be same across both
groups

P 5 1 Y 1 G f p T 1 4 1,9 m

group y g

5 m
6 on

I

Equalized odds TDR FPR should be same across groups

P x ̅ 1 y 1 9 f P 5 1 1,9 m

and

PCTS 4 0 G f P 5 1 4 0 9 m

Overall Accuracy Equality
ACC should be same across both the groups
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Individual fairness

Causal Independence Causal Discrimination

CGPA Branch Exp Projects Gender
Reset
should be

if same for
these 2
individuals

fairness through unawareness

Sensitive attribute are excluded in the decision making process

Explainable AI

Transparency Functioning Decision making process
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Interpretability

Human understandable

Accountability



Interpretability of Accuracy
LinearRegression highinterpretability

pooraccuracyDecision Trees

Interportability sums
Randomforest

highaccuracy
Meural

Networks poorinterpretabilit

Accuracy

Interpretability

Build interpretable Derive explanations
ML models for complex Ml models

Model based Pfost hoc
interpretable interpretability

Black box whitebox

Model parameters Parameters

unknown
Derive explanation

Eknown

using thecorrelation b w
input output

ÉBMI
sugary

Sugarr

Linear Regression
Cholesterol
level
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Neural Networks

E I
NN are not inherently interpretable we don't know which
feature got maximum importance

LinearRegression
Wewanttoreachhere

Decision Trees

Interprtability Sums
Randomforest

Mural
Networks

Accuracy

LIME

Local Local neighbourhood of the instance
Interpretable A human should be able to interpret
FodelAgnostic Applicable to all models

Explanations Explanation that keep interpretation

exercise healthy
durate's unhealthy

pBodyweight
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Differentiatingthese 2 people

LIME Implementation

Global model local data point
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SHAP

Stapley Additive explanations

Lloyd Shapley Gametheory
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1000Rs Distribution
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oyster different
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give you the
contribution of

each player
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